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Abstract

Introduction: Age is the greatest risk factor for Alzheimer’s disease (AD). A limitation

of randomized control trials in AD is a lack of specificity in the age ranges of partici-

pants who are enrolled in studies of disease-modifying therapies. We aimed to apply

Emax (i.e., maximum effect) modeling as a novel approach to identity ideal treatment

windows.

Methods: Emax curves were fitted to longitudinal cognitive data of 101 participants

with AD and 1392 healthy controls. We included the Mini-Mental State Examination

(MMSE) and tests of verbal fluency and executive functioning.

Results: In people with AD, the earliest decline in the MMSE could be detected in the

67–71 age band while verbal fluency declined from the 41–45 age band. In healthy

controls, changes in cognition showed a later trajectory of decline.

Discussion: Emax modeling could be used to design more efficient trials which has

implications for randomized control trials targeting the earlier stages of AD.

1 INTRODUCTION

Dementia is the fifth leading cause of death worldwide1 and has a

global prevalence which now exceeds 50 million people.2 Alzheimer’s

disease (AD) characterized by amyloid plaques, neurofibrillary tangles,

and prominent impairments in memory abilities in the early stages is

the most common cause of dementia.3 The global economic burden of

AD and other dementia was an estimated $2.8 trillion in 2019 and is

anticipated to increase to $4.7 trillion in 2030.4 These findings empha-

size the need to increasingly direct research toward early intervention

to reduce both the incidence and duration of illness.

There are currently many randomized controlled trials (RCTs) of

disease-modifying therapies (DMT) underway, and many more in the
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pipeline.5 These treatments seek to prevent or delay the develop-

ment and progression of AD,6 but to date, their clinical efficacy has

been poor.7 This limited success provides opportunities to consider

novel approaches in RCT designs in critical aspects such as targeting

participants at most risk for decline. By adding greater specificity to

the recruitment age of prospective participants into studies, this may

result in better identification of optimal intervention windows. The

preclinical and prodromal phases of AD pathology can precede clinical

onset by decades8 and early changes in cognition can be detected

before a formal diagnosis.9,10 There is growing evidence to suggest

that the earlier the intervention, the higher the possibility of success.11

Intervening earlier requires recruiting participants at earlier ages, but

the ideal age range is currently unclear. To date, the most conventional
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method of recruitment is to enroll participants with a diagnosis of

mild AD or mild cognitive impairment (MCI; for DMT) who are within

a typically large age range. A systematic review of 165 RCTs for AD

treatments found that the mean age of participants was 73.6 years

(SD = 8.2),12 while 90% of RCTs for AD define a range from 55 to 85

years old, 20% of RCTs allow 50 to55 years old, and 15% allow for 85-

to 90-year-old participants.

In order to identify the optimal age to intervene earlier in the lifes-

pan, approaches capable of pinpointing the earliest inflection point in

the transition from healthy to pathological aging are required. While

fluid and biomarkers are used for participant identification in RCTs,13

tests of cognition should provide a complementary approach for moni-

toring disease progression14 and to improve precision of recruitment

as they represent abilities used daily which impact an individual’s

functioning. Some have also argued that for a treatment to be called

disease-modifying, it should show a beneficial effect on cognition15;

therefore, sensitivemeasures are required to evaluate treatments16,17

at different stages of the disease process. The most commonly used

methods employed in RCTs to date have been based on changes

observed in the very late stages of the disorder. One approach to iden-

tify the earliest point of cognitive decline is to model the trajectory of

change in cognition by age by repurposing statistical approaches used

in pharmacology research, namely Emax (i.e., maximum effect) models

that are commonly used inmodeling dose-response.18

Previous work applying Emax modeling in Down syndrome, which

is considered a genetic variant of AD19 has identified the trajectory of

cognitive decline in the preclinical and prodromal stages of AD. These

findings have shown that changes in cognition can be detected as early

as 20years before the average ageof diagnosis.Wehavedemonstrated

that such results can be used to assist with decisions on the optimal

age to intervene and used to calculate sample size estimation for AD

prevention trials.14 While these results have assisted trail design for

the first RCT of a DMT to treat AD in Down syndrome,20 it is currently

unclear whether this approach can be applied to people with sporadic

AD, where there may be more heterogeneity in terms of age of onset

and progression.

1.1 Objective

The aim of this studywas to validate Emaxmodeling as a novel method

to retrospectively identify the earliest age of change in cognition of

people who would ultimately develop sporadic AD and compare these

individuals to healthy controls without AD.

2 METHODS

2.1 Study design and setting

We used data from a prospective longitudinal cohort study of adults

aged 65 years old and older from Montpellier, France.21 Baseline

assessments were completed between 1999 and 2002 with follow-up

RESEARCH INCONTEXT

1. Systematic review: The authors reviewed the literature

using the Scopus database. There have been several stud-

ies that have examined methods to improve randomized

control trial design for Alzheimer’s disease (AD) thera-

pies. However, there is a lack of research considering age

of participants and examining trajectories of cognitive

decline in sporadic AD.

2. Interpretation: These data provide validation for Emax

modeling as a novel method to identify participants for

clinical trials of disease-modifying therapies in AD. This

approach would be used to improve randomized con-

trol trials by determining optimal age bands to recruit

participants.

3. Future directions: Future work could seek to use Emax

modeling in different tests of cognition to determine tests

which could be used as cognitive endpoints in clinical

trials.

assessments designed to occur at 2-year intervals. For the purposes of

the present study, we analyzed data from participants’ inclusion and

second timepoint (T2, 4-year wave) assessments.

2.2 Participants

Our sample consisted of participants taken from a larger sample of

2259 individuals aged between 65 and 90 years who were selected

by random sampling from the electoral rolls of the Montpellier dis-

trict as part of the Enquête Sante ´Psychologique—Risques, Incidence

et Traitement (ESPRIT) study of late-life neuropsychiatric disorders.21

Due to variability in follow-up time between assessments (2.8 years to

4.45 years), we sampled 1493 participants who had T2 data which was

at least 3 years to a maximum of 4 years from their baseline assess-

ment in order to reduce the impact of time between assessments on

performance.

Baseline prevalent cases of all-cause dementia were excluded from

further analysis in order to focus on new cases of AD during the study

time. The remaining participants were categorized into two groups

based on whether they were ever diagnosed with possible and prob-

able AD while enrolled in the study (n = 101) or did not receive a

diagnosis of any subtype of dementia (n = 1392, the healthy control

group). We chose to analyze data from people who had a confirmed

AD diagnosis during their enrolment in the study as this allowed us to

work backward to identifywhen these individuals began to exhibit cog-

nitive decline from their baseline assessment, with the certainty that

they would eventually develop AD. Dementia diagnosis was based on

the DSM-IV criteria.22 We included a healthy control group to validate

the results found in people with AD.
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2.3 Ethics

The study protocol was approved by the Ethical Committee of the

University–Hospital of Bicêtre (France) and written informed consent

was obtained from each participant.

2.4 Measures

We measured verbal fluency, executive functioning, and global cog-

nitive functioning using tests which are sensitive to early cognitive

changes in MCI and preclinical studies. The Isaacs Set Test23 was used

to measure verbal fluency, the Trail Making Test, Part B24 assessed

frontal executive functioning and the Mini-Mental State Examination

(MMSE)25 was used as a global measure of cognitive functioning.

2.5 Statistical analysis

Following previous methods,14 we fitted Emax models to cognitive

data to examine their trajectory of change by increasing age. To iden-

tify the earliest age-bands of changes in performance for each test of

cognition we explored dose-response relationships between perfor-

mance change over a 3- to 4-year period with increasing “doses” of

age. In the Emaxmodels, we assumed a sigmoidal relationship between

performance decline and age in years. This constrained a baseline

level of cognitive stability, followed by a constant period of decline

that eventually asymptotes. To explore change in performance on a

yearly basis, mean proportional change between timepoints was cal-

culated across participants in 5-year smooth moving-average baseline

age bands, starting at age 65 and subsequently incrementing by 1 year.

Age bands with fewer than four observations and individual change

score outliers (>1.5 times the interquartile range of the static 5-year

age-band or due to clinical anomalies, such as substantial improve-

ment in performance in an older adult) were excluded. Emax curves

were fitted to people with AD and healthy controls separately for each

cognitive test to compare participants who would eventually go on to

develop ADwith healthy controls.

Raw performance changes from the age-band at EC1 (1% of the

maximum effect of age on performance) from the tests of cogni-

tion were used to estimate the required sample sizes to compare

groups in a hypothetical RCT where a pharmacological treatment

would reduce aging-related decline by 35% or 75% compared to

placebo over a 2-year period. Cohen’s d was used to show the effect

sizes of these hypothetical group differences. Sample size calcula-

tions were performed in GPower 3.1, using independent samples

t-tests (α = 0.05) and 80% power. R version 4.1.326 was used for all

analyses.

3 RESULTS

As presented in Table 1, the AD sample consisted of predominantly

females and participants were mostly educated to high school level

TABLE 1 Demographics of people with AD and healthy controls.

Parameter

People

with AD

Healthy

controls

n 101 1392

Mean age at baseline in years (SD) 74.95 (5.63) 72.56 (5.33)

Mean age at T2 in years (SD) 78.7 (5.65) 76.34 (5.32)

Sex (%)

Male 33 (32.67) 571 (41.02)

Female 68 (67.32) 821 (58.98)

Education level (%)

<High school 30 (29.70) 310 (22.27)

High school 36 (35.64) 581 (41.74)

College 10 (9.90) 136 (9.77)

University 25 (24.75) 365 (26.22)

Mean age of AD diagnosis in years

(SD)

82.41 (5.56) –

APOE ε4 carrier (%)a 36 (36.73) 242 (17.60)

aDementia group, n= 98; healthy controls, n= 1375.

(36%). Themean age at enrolment was approximately 75 years old and

on average participants were in their late 70s at T2. They were diag-

nosed with AD in their early 80s and over a third of the sample were

APOE ε4 carriers. The healthy control group comprised of nearly 60%

females and like the dementia group, participants were primarily of

high school level education. They were in their early seventies at base-

line and mid-seventies at T2. Approximately 18% of healthy controls

were apolipoprotein E (APOE) ε4 carriers.

3.1 Earliest age-band of changes in cognition for
people with AD and healthy controls

For performance on both the MMSE and verbal fluency (Isaacs Set

Test), the Emax curves for people with AD (Figure 1) showed a steeper

and earlier decline compared to the healthy control group (Figure 2).

Verbal fluency showed the earliest EC1 values in people with AD,

demonstrating change in the 41–45 age-band, and between the ages

of 43 and 47 years for healthy controls (Table 2). This was followed by

global cognitive functioning (MMSE)which showed the earliest decline

from ages 67 to 71 years for people with AD, but much later in healthy

controls with decline only starting in the 87–91 age band. The Emax

model for executive functioning (Trail Making Test, Part B) failed to

converge for people with AD. For healthy controls, it showed a late

EC1 value, with the earliest changes in performance being detected

between the ages of 85 and 89 years.

3.2 Sample size estimations for a hypothetical
RCT people with AD

The EC1 age-band for verbal fluency was 41–45 years old, which is

substantially younger than our data would allow to calculate a sample
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F IGURE 1 Emax curves for people with AD.
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F IGURE 2 Emax curves for healthy controls.
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TABLE 2 Age-bands of 1%, 5%, and 10% of themaximum effect of age on performance for people with AD and healthy controls

Parameter Age-band at EC1 Age-band at EC5 Age-band at EC10

Outcome

Dementia

group

Healthy

controls

Dementia

group

Healthy

controls

Dementia

group

Healthy

controls

MMSE 67–71 87–91 79–83 103–107 85–89 111–115

Isaacs Set Test 41–45 43–47 50–54 51–55 54–58 55–59

Trail Making Test, Part B – 85–89 – 101–104 – 108–112

Abbreviation:MMSE,Mini-Mental State Examination.

TABLE 3 Sample size estimations for people with AD for the EC1 age-bands

Parameter Treatment at 35% efficacy Treatment at 75% efficacy

Outcome

Age-band

at EC1

Mean expected

change in

control group

Pooled

SD

Mean expected

change in

treatment group

Effect

size (d)

Total

required

sample size

Mean expected

change in

treatment group

Effect

size (d)

Total

required

sample size

Isaacs Set Test 77–81a –4.13 8.03 –2.68 –0.18 768 –1.03 –0.39 168

MMSE 67–71 –0.05 1.15 –0.03 –0.02 106,042 –0.01 –0.03 23,096

aNot EC1 value. Calculated using independent samples one-sided t-tests (α= 0.05) and 80% power.

Abbreviation:MMSE,Mini-Mental State Examination.

size for a hypothetical RCT. However, as Table 3 demonstrates, the

77–81 age-band showed an achievable sample size for an RCT with a

total sample size of 768 (Cohen’s d = −0.18) with a treatment which

was 35% effective and this test as the cognitive endpoint. With an AD

treatment which was 75% effective, an RCTwould require total of 168

participants (Cohen’s d = −0.39). Using the EC1 age-band of 67–71

years old for global cognitive functioning, an RCT with a treatment

which was 35% effective would require a total of 106,042 participants

(Cohen’s d = −0.03) and 23,096 (Cohen’s d = −0.03) if the treatment

was 75% effective.

4 DISCUSSION

We found that in participants who ultimately develop AD, the earli-

est changes in general cognitive functioning and verbal fluency can be

detected considerably earlier than the mean age of AD diagnosis in

our sample (mean = 82 years old, SD = 5.56). Moreover, mean age of

AD diagnosis was similar to AD onset previously reported in the liter-

ature (80 years old).27 Importantly, we demonstrated a later trajectory

of change in the large healthy population of older adults who did not

develop AD.

Previous authors have suggested one of the reasons RCTs in AD

have been largely unsuccessful is because of poor trial design.28 There

has been substantialworkonmethods to improveRCTdesign including

research on participants’ priorities to increase willingness to partici-

pate in RCTs,29 suggestions to use Bayesian adaptive RCT designs,30

and using polygenic hazard scores to stratify participants.31 However,

limited consideration has been given to the age of participants when

they enter into an RCT and the accepted convention is to enroll partic-

ipants over 50, 60, or 65 years to 85 years old depending on the target

population, study aims or choice of outcome measure. Age is the most

salient risk factors for AD, with the possibility of a diagnosis doubling

every 5 years after age 60 years.32 By 85 years and older, a diagnosis

of AD is nearly 14 times higher in this age group compared to people

aged 65–69 years old.33 Yet these individuals are all collapsed in a sin-

gle group for RCTs. We used age of participants in age-bands to model

how they performed onmeasures of cognitionwith increasing age.Our

results suggest that Emax modeling could contribute and benefit RCT

development by guiding the optimal recruitment period to maximize

any potential benefits of treatments which could prevent or delay the

development of AD.

An important consideration for an effective treatment is to ensure

that it is administered to the right participants at the right time. RCTs

which are more selective in the age range of participants and recruit

participantswhen they exhibit the earliest signs of decline could poten-

tially improve the success of DMT by intervening earlier in the disease

stage. This approach could also help to provide better data related to

treatment efficacy,30 which is currently lacking in the literature. Sev-

eral authors have made recommendations for earlier detection to be

utilized inRCTs to optimize interventionwindows.11,34 These data pro-

vide validation of Emax modeling as a viable approach to identify the

earliest inflection of change in cognition to intervene earlier in the AD

disease course.

As previously shown, combining trajectory modeling with sample

size calculations is important to identify appropriate measures which

can be used as cognitive endpoints in RCTs.14 The results from the

present study emphasize this consideration. While the measure of

global cognitive functioning (MMSE) was able to detect the earliest

changes in cognition up to 15 years before the mean age of AD
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diagnosis within our sample, the decline in performance was negligible

and it would require a sample of 23,096 participants. The MMSE is

commonly used in RCTs andwas used as a cognitive endpoint in studies

of DMT such as aducanumab,35 but our results suggest that while it

may be sensitive to early changes, the sample size calculations demon-

strated that it may not be particularly useful as a cognitive endpoint

due to the large numbers needed to detect a change in performance

between control and treatment groups.

The results from the verbal fluency task suggest that this cognitive

ability shows the earliest decline in the 4th decade of life in people

who eventually develop AD. Tests of verbal fluency and visuo-spatial

memory are known to be sensitive to early AD related changes with

decline trajectories being evident in the decade preceding diagnosis.36

Moreover, our previous work with Emax modeling and verbal fluency

has demonstrated that it is sensitive to the earliest AD-related change

in adults with Down syndrome.14 Another study in adults with Down

syndrome showed that verbal fluency performance was negatively

correlated with the established AD biomarkers, neurofilament light,

and glial fibrillary acidic protein.37 However, the EC1 age-band (1% of

the maximum effect of age on performance) for the healthy control

group was also a similar age band (43–47 years old) as the AD group

(41–45 years old). Verbal fluency is a test which is highly sensitive to

changes inmultiple brain regions38,39; therefore, the early changes and

early age bands identified could reflect general age-related changes

instead of AD related changes in these participants. These results

should be examined further and future work using Emax modeling

could investigate the trajectory of change using a lifespan approach by

incorporating participants across a broader age range including those

in midlife and/or younger to examine the robustness of the current

findings.

4.1 Strengths and limitations

Utilizing data from people who ultimately developed AD, we have

shown that there is benefit to refining the age of recruitment in iden-

tifying potential participants, since trajectory modelling can pinpoint

the earliest decline in cognitive abilities, even in people with sporadic

AD, which is considerably more heterogenous40 than genetic variants

which exhibit a more predictable onset.41 We included only partici-

pants who had an AD diagnosis and excluded participants with other

dementias making our findings more applicable to current RCTs which

are primarily conducted in people with AD. Moreover, our healthy

controls and AD participants were sampled from community dwelling

adults increasing the generalizability of their performance on themea-

sures of cognition. Our results also provide replication and validation

data for previous work in Down syndrome14 but in a larger sample size

from the general population. Finally, we utilized a novel and innova-

tive approach to address a neglected aspect of RCT designwhich could

improve treatment outcomes.

There are several limitations which should be addressed. First, the

cognitive tests used in the present study may not be the preeminent

choice as cognitive endpoints for anADprevention RCT, andmore sen-

sitive tests could be examined in future work. We also did not include

measures of functional abilitieswhich are important to consider as out-

come in RCTs.42 AD is a heterogeneous condition43 and performance

on cognitive tests can vary. Moreover, our sample size was limited to

101ADparticipants.Whilewemade efforts to account for this hetero-

geneity by calculating performance in 5-year smooth moving-average

baseline age bands, the variability in performance found in AD could

have impacted our results. Furthermore, we only considered age as a

risk factor, but there are many other variables that can increase a per-

son’s risk of AD including APOE.44 Future studies would benefit from

considering the impact of these variables using a larger sample within

the age ranges exhibiting the earliest changes in cognition to under-

stand how these may contribute to risk of cognitive decline due to

AD.

5 CONCLUSION

These results suggest that trajectory modeling could be used to enrich

and improve RCT design by providing data on the ideal age range to

intervene. We have shown that sensitivity to change depends on the

primary outcome as well as the age of participants, so authors design-

ing RCTs need to ensure the population and primary outcome are

consistent with the research question. Combining this approach with

markers of risk such as APOE e4 or those with biomarker evidence of

potential early AD (e.g., amyloid PET) could help to design more effi-

cient RCTs, particularly for those targeting the stages of disease before

an AD diagnosis.

ACKNOWLEDGMENTS

The authors thank all the participants in this study for their time.

We would like to thank Dr Rosalyn Hithersay for her Emax modelling

work in people with Down syndrome. R. Asaad Baksh was supported

by a Jérôme Lejeune Foundation postdoctoral research fellowship.

André Strydom received funding from the Medical Research Council

grant MR/S011277/1, MR/ S005145/1, and MR/R024901/1; Euro-

pean Commission (H2020 SC1 Gene overdosage and comorbidities

during the early lifetime in Down Syndrome GO- DS21- 848077);

Jérôme Lejeune Foundation.

CONFLICT OF INTEREST STATEMENT

André Strydom received consulting fees from AC Immune and Alny-

lam and is on an Advisory Board for AC Immune. All other authors

declare no conflicts of interest. Author disclosures are available in the

supporting information.

CONSENT STATEMENT

All human subjects providedwritten informed consent.

ORCID

R.AsaadBaksh https://orcid.org/0000-0001-6596-2145

https://orcid.org/0000-0001-6596-2145
https://orcid.org/0000-0001-6596-2145


BAKSH ET AL. 7 of 8

REFERENCES

1. Nichols E, Szoeke CE, Vollset SE, et al. Global, regional, and national

burden of Alzheimer’s disease and other dementias, 1990-2016: a sys-

tematic analysis for the Global Burden of Disease Study 2016. Lancet
Neurol. 2019;18:88-106.

2. Nichols E, Steinmetz JD, Vollset SE, et al. Estimation of the global

prevalence of dementia in 2019 and forecasted prevalence in 2050:

an analysis for the Global Burden of Disease Study 2019. Lancet Public
Health. 2022;7:e105-e125.

3. ScheltensP, BlennowK,BretelerMM, et al. Alzheimer’s disease. Lancet
North Am Ed. 2016;388:505-517.

4. Nandi A, CountsN, Chen S, et al. Global and regional projections of the

economic burden of Alzheimer’s disease and related dementias from

2019 to 2050: a value of statistical life approach. EClinicalMedicine.
2022;51:101580.

5. Cummings J, Lee G, Zhong K, Fonseca J, Taghva K. Alzheimer’s disease

drug development pipeline: 2021.Alzheimer’s Dement. 2021;7:e12179.
6. Salomone S, Caraci F, Leggio GM, Fedotova J, Drago F. New phar-

macological strategies for treatment of Alzheimer’s disease: focus on

diseasemodifying drugs. Br J Clin Pharmacol. 2012;73:504-517.
7. Knopman DS, Jones DT, Greicius MD. Failure to demonstrate effi-

cacy of aducanumab: an analysis of the EMERGE and ENGAGE

trials as reported by Biogen, December 2019. Alzheimer’s Dement.
2021;17:696-701.

8. Ritchie K, Ritchie CW, Yaffe K, Skoog I, Scarmeas N. Is late-onset

Alzheimer’s disease really a disease of midlife? Alzheimer’s Dement.
2015;1:122-130.

9. Amieva H, Jacqmin-Gadda H, Orgogozo J-M, et al. The 9 year cog-

nitive decline before dementia of the Alzheimer type: a prospective

population-based study. Brain. 2005;128:1093-1101.
10. Wilson RS, Leurgans SE, Boyle PA, Bennett DA. Cognitive decline

in prodromal Alzheimer disease and mild cognitive impairment. Arch
Neurol. 2011;68:351-356.

11. Ritchie CW, Russ TC, Banerjee S, et al. The Edinburgh consen-

sus: preparing for the advent of disease-modifying therapies for

Alzheimer’s disease. Alzheimer’s Res Ther. 2017;9:85.
12. Banzi R, Camaioni P, Tettamanti M, Bertele V, Lucca U. Older patients

are still under-represented in clinical trials of Alzheimer’s disease.

Alzheimer’s Res Ther. 2016;8:1-10.
13. Cummings J. The role of biomarkers in Alzheimer’s disease drug

development. Reviews on Biomarker Studies in Psychiatric and Neurode-
generative Disorders. Adv ExpMed Biol. 2019;1118:29-61. doi:10.1007/
978-3-030-05542-4_2

14. Hithersay R, Baksh RA, Startin CM, et al. Optimal age and outcome

measures for Alzheimer’s disease prevention trials in people with

Down syndrome. Alzheimer’s Dement. 2021;17:595-604.
15. Siemers E.Howcanwe recognize “diseasemodification” effects? J Nutr

Health Aging. 2009;13:341.
16. McKhann GM, Knopman DS, Chertkow H, et al. The diagnosis of

dementia due to Alzheimer’s disease: recommendations from the

National Institute on Aging-Alzheimer’s Association workgroups on

diagnostic guidelines for Alzheimer’s disease. Alzheimer’s Dement.
2011;7:263-269.

17. Snyder PJ, Kahle-Wrobleski K, Brannan S, et al. Assessing cognition

and function in Alzheimer’s disease clinical trials: do we have the right

tools? Alzheimer’s Dement. 2014;10:853-860.
18. Thomas N, Sweeney K, Somayaji V. Meta-analysis of clinical dose–

response in a large drug development portfolio. Stat Biopharm Res.
2014;6:302-317.

19. Fortea J, Zaman SH, Hartley S, Rafii MS, Head E, Carmona-Iragui M.

Alzheimer’s disease associated with Down syndrome: a genetic form

of dementia. Lancet Neurol. 2021;20:930-942.
20. ClinicalTrials.gov. A Phase 1b/2, Multicenter, Adaptive, Double-blind,

Randomized, Placebo-controlled Study to Assess the Safety, Tolerabil-

ity, Immunogenicity, and Pharmacodynamic Effects of ACI-24.060 in

Subjectswith Prodromal Alzheimer’sDisease and inAdultswithDown

Syndrome. https://clinicaltrials.gov/ct2/show/NCT054621062023

21. Ritchie K, Artero S, Beluche I, et al. Prevalence of DSM-IV psy-

chiatric disorder in the French elderly population. Br J Psychiatry.
2004;184:147-152.

22. American Psychiatric Association, A. P., & American Psychiatric Asso-

ciation. (1994). Diagnostic and StatisticalManual ofMental Disorders:

DSM-IV (Vol. 4).Washington, DC: American Psychiatric Association.

23. Isaacs B, Kennie AT. The Set test as an aid to the detection of dementia

in old people. Br J Psychiatry. 1973;123:467-470.
24. ReitanRM,WolfsonD.TheHalstead–ReitanNeuropsychological Test Bat-

tery: Theory and Clinical Interpretation. 2nd ed. Neuropsychology Press;
1993.

25. Folstein MF, Folstein SE, McHugh PR. “Mini-mental state”: a practical

method for grading the cognitive state of patients for the clinician. J
Psychiatr Res. 1975;12:189-198.

26. Core Team R. R: A Language and Environment for Statistical Comput-

ing. Vienna, Austria; 2022.

27. Masters CL, Bateman R, BlennowK, RoweCC, Sperling RA, Cummings

JL. Alzheimer’s disease.Nat Rev Dis Primers. 2015;1:1-18.
28. Evans S, McRae-McKee K,WongMM, Hadjichrysanthou C, DeWolf F,

Anderson R. The importance of endpoint selection: how effective does

a drug need to be for success in a clinical trial of a possible Alzheimer’s

disease treatment? Eur J Epidemiol. 2018;33:635-644.
29. Ottenhoff L, Vijverberg EG, Visser LN, et al. Experiences of and rec-

ommendations on clinical trial design in Alzheimer’s disease from the

participant’s point of view: a mixed-methods study in two clinical trial

centers in the Netherlands. Alzheimer’s Res Ther. 2023;15:1-12.
30. Cummings J, Gould H, Zhong K. Advances in designs for Alzheimer’s

disease clinical trials. Am J Neurodegener Dis. 2012;1:205.
31. Banks SJ, Qiu Y, Fan CC, et al. Enriching the design of Alzheimer’s

disease clinical trials: application of the polygenic hazard score and

composite outcomemeasures. Alzheimer’s Dement. 2020;6:e12071.
32. JormA, Korten A, HendersonA. The prevalence of dementia: a quanti-

tative integration of the literature. Acta Psychiatr Scand. 1987;76:465-
479.

33. Hebert LE, Scherr PA, Beckett LA, et al. Age-specific inci-

dence of Alzheimer’s disease in a community population. JAMA.
1995;273:1354-1359.

34. Ritchie K, Ropacki M, Albala B, et al. Recommended cognitive out-

comes in preclinical Alzheimer’s disease: consensus statement from

the European Prevention of Alzheimer’s Dementia project. Alzheimer’s
Dement. 2017;13:186-195.

35. Tampi RR, Forester BP, Agronin M. Aducanumab: evidence from

clinical trial data and controversies.Drugs Context. 2021;10:1-9.
36. Ritchie K, Carrière I, Berr C, et al. The clinical picture of Alzheimer’s

disease in the decade before diagnosis: clinical and biomarker trajec-

tories. J Clin Psychiatry. 2016;77:2907.
37. Mgaieth F, Baksh RA, Startin CM, et al. Exploring semantic verbal flu-

ency patterns and their relationship to age and Alzheimer’s disease in

adults with Down syndrome. Alzheimer’s Dement. 2023;19(11):5129-
5137.

38. Santos VD, Thomann PA, Wüstenberg T, Seidl U, Essig M, Schröder

J. Morphological cerebral correlates of CERAD test performance in

mild cognitive impairment and Alzheimer’s disease. J Alzheimer’s Dis.
2011;23:411-420.

39. VonkJM,RizviB, LaoPJ, et al. Letter andcategory fluencyperformance

correlates with distinct patterns of cortical thickness in older adults.

Cereb Cortex. 2019;29:2694-2700.
40. Duara R, Barker W. Heterogeneity in Alzheimer’s disease diagnosis

and progression rates: implications for therapeutic trials. Neurothera-
peutics. 2022;19:8-25.

41. Ringman JM, Goate A, Masters CL, et al. Genetic heterogeneity in

Alzheimer disease and implications for treatment strategies. Curr
Neurol Neurosci Rep. 2014;14:1-9.

https://doi.org/10.1007/978-3-030-05542-4_2
https://doi.org/10.1007/978-3-030-05542-4_2
https://clinicaltrials.gov/ct2/show/NCT054621062023


8 of 8 BAKSH ET AL.

42. Cipriani G, Danti S, Picchi L, Nuti A, FiorinoMD. Daily functioning and

dementia.Dement Neuropsychol. 2020;14:93-102.
43. Jellinger KA. Recent update on the heterogeneity of the Alzheimer’s

disease spectrum. J Neural Transm. 2022;129:1-24.
44. KnopmanDS, AmievaH, Petersen RC, et al. Alzheimer disease.Nat Rev

Dis Primers. 2021;7:33.

SUPPORTING INFORMATION

Additional supporting information can be found online in the Support-

ing Information section at the end of this article.

How to cite this article: Baksh RA, StrydomA, Carter B,

Carriere I, Ritchie K. Toward the right treatment at the right

time:Modeling the trajectory of cognitive decline to identify

the earliest age of change in people with Alzheimer’s disease.

Alzheimer’s Dement. 2024;16:e12563.

https://doi.org/10.1002/dad2.12563

https://doi.org/10.1002/dad2.12563

	Toward the right treatment at the right time: Modeling the trajectory of cognitive decline to identify the earliest age of change in people with Alzheimer’s disease
	Abstract
	1 | INTRODUCTION
	1.1 | Objective

	2 | METHODS
	2.1 | Study design and setting
	2.2 | Participants
	2.3 | Ethics
	2.4 | Measures
	2.5 | Statistical analysis

	3 | RESULTS
	3.1 | Earliest age-band of changes in cognition for people with AD and healthy controls
	3.2 | Sample size estimations for a hypothetical RCT people with AD

	4 | DISCUSSION
	4.1 | Strengths and limitations

	5 | CONCLUSION
	ACKNOWLEDGMENTS
	CONFLICT OF INTEREST STATEMENT
	CONSENT STATEMENT
	ORCID
	REFERENCES
	SUPPORTING INFORMATION


